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Abstract. The purpose of the study was to analyse contemporary practices of using artificial intelligence in
recruitment and to assess the effectiveness of these tools for future applications. It was substantiated that under the
influence of digital technologies, activities related to the search and selection of personnel were being transformed.
Artificial intelligence demonstrated the greatest efficiency in the processes of candidate screening, automated
planning, interviewing, and collecting analytical personnel data. Ethical and legal aspects of using artificial intelligence
were analysed, the distinctive features of traditional and artificial intelligence methods used at different stages of
recruitment were summarised, the challenges of using artificial intelligence in recruitment were identified and
solutions were proposed. The problems that occurred in companies that used Al in recruitment and the management
decisions that helped to improve results were investigated. Results have demonstrated the following benefits of
using artificial intelligence: saving time, improving candidate experience, and increasing overall recruiting efficiency.
The study was conducted on the effectiveness of using various artificial intelligence tools for candidate assessment
for the position of business analyst compared to human experts. It showed that advanced artificial intelligence
tools (Claude, Grok, ChatGPT, Gemini) evaluated candidate profiles with a high level of agreement with human
assessments (all p>0.05), while screening more than 8 times faster - taking only 10 seconds compared to 2 minutes
for a human. The potential of artificial intelligence for optimising hiring processes was confirmed. It was found that
Ukraine was actively joining the global trends of HR digitisation. The share of Ukrainian companies that already used
artificial intelligence recruitment reached 50.4%. The most popular were chatbots for the initial interview, candidate
tracking systems with artificial intelligence elements, and tools for automatic skills testing. HR specialists in Ukraine
considered the main challenges of artificial intelligence implementation to be the insufficient level of knowledge and
expertise. The practical significance of the research lies in the possibility of its results being used by HR professionals,
recruitment agencies, and company managers to improve the efficiency of hiring processes
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Introduction

From 2017, the labour market was highly dynamic and  optimisation of the recruitment process. Given the global
competitive for talented specialists, encouraging com-  dynamics of the development of digital technologies, the
panies to look for different tools, which can help with  labour market is being transformed because of the in-
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fluence of innovations, in particular, artificial intelligence
(Al) tools. In conditions of high competition for talent-
ed specialists, conventional recruitment methods often
turn out to be ineffective in terms of speed, objectivity,
and costs. The use of Al in recruitment opens up new op-
portunities for automating routine processes, improving
the quality of candidates selection, and personalising
communication with candidates. As noted by S.S. Ebra-
him & H.A. Rajab (2025), artificial intelligence is becom-
ing a key factor in the formation of a modern workforce,
allowing organisations to significantly increase the effi-
ciency of recruitment processes. However, limitations
of using Al tools were also noted, as they may not fully
understand the main complexities of human communi-
cation and cultural context. This gap can lead to misin-
terpretations, biases in candidate profiling, or miscom-
munication during the assessment process. Meantime,
the integration of Al into the field of personnel selection
created new challenges related to ethics, fairness and
legal regulation. M. Soleimani et al. (2022) emphasised
the importance of understanding cognitive biases, when
developing artificial intelligence systems for recruit-
ment, given that these biases may foster discriminatory
behaviour against certain groups of candidates. The re-
searchers noted that biases can arise at different stages
of using the Al, from the development of a dataset for
training algorithms to the interpretation of the results.
Researchers proposed a comprehensive approach to
minimising these biases, including diversifying develop-
ment teams and implementing mechanisms for auditing
algorithms. C. Zhang et al. (2025) pointed out the need
for a balance between efficiency and fairness, when us-
ing Al in recruitment processes. The advantages of using
Al tools in recruitment at the organisational level were
highlighted. These benefits included optimising overall
outcomes, improving perceptions of fairness, ensuring
strict compliance with legal requirements, and promot-
ing responsible and ethical decision-making. However,
attention was also drawn to the need for proper protec-
tion of the confidential data of potential job candidates.

The results of the study by P. Horodyski (2023a)
showed that candidates perceive Al technology positive-
ly in hiring processes and consider it useful and easy to
use. The reduced response time was recognised as the
most important advantage. The lack of nuance in hu-
man judgment, low accuracy and reliability, and the im-
maturity of the technology, were identified as the main
drawbacks of Al in recruitment. Ukrainian researchers
V. Hoichuk & N. Lyubomudrova (2023) examined how
and with which technologies artificial intelligence is be-
ing implemented in Ukrainian companies. They found
that companies use chatbots, integrated mobile appli-
cations, augmented reality technologies, and cloud ser-
vices. The identified risks included staff reductions, high
capital investment required for software installation and
maintenance, and the need for staff retraining. A. Sich-
kar (2025) suggested that a strategic framework for Al
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regulation has been established in Ukraine, as opposed
to just legislative measures, and that the state was
demonstrating determination in developing approach-
es to artificial intelligence - considering both European
standards and national characteristics. K. Skibska (2023)
argued that advanced technologies and the information
environment stimulated the process of learning and ac-
quiring new knowledge, skills, and abilities. Scenarios
were considered in which the role of humans in this pro-
cess could be replaced. The researcher concluded that
soon artificial intelligence will transform from an inno-
vative solution into a widely accepted tool in the recruit-
er's workflow. This was especially relevant for Ukraine,
where the level of technological maturity of the HR sec-
tor was uneven, and the legislative field was still being
formed. As noted by O. Kravchuk et al. (2023), Ukrainian
companies demonstrated a growing interest in the digi-
talisation of recruitment, but faced a number of barriers,
including a lack of experts and technical difficulties in in-
tegration. The purpose of the study was to investigate
contemporary practices of using artificial intelligence in
recruitment and evaluate the effectiveness of tools for
application prospects.

Literature Review

The study of the use of artificial intelligence in the field
of recruitment attracted the attention of many research-
ers due to the rapid development of digital technologies
and their impact on human resource management pro-
cesses. An analysis of the scientific literature demon-
strated a variety of approaches to the investigation of
this issue, covering technological, organisational, ethi-
cal, and legal aspects. O. El Ouakili (2025) analysed the
impact of artificial intelligence on different stages of the
hiring process, from the search for candidates to mak-
ing hiring decisions. The researcher emphasised that Al
can not only automate routine tasks, but also provide a
more objective approach to candidate assessment and
minimising human bias.

P. Horodyski (2023b) extended the Unified Adoption
and Use of Technologies (UTAUT) theory to include the
frequency of Al use. According to the researcher, Al is an
important factor, in addition, the study showed that re-
cruiters, who interacted with Al tools more often demon-
strated a higher level of adoption of these technologies
in their professional activities. This finding was support-
ed by O. Ali & L. Kallach (2024), who in their systematic
review demonstrated that Al technologies can signifi-
cantly improve the efficiency of recruitment processes
through automated candidate screening, intelligent tal-
ent search, and predictive analytics. T. Szandata (2025)
conducted a comparative study of the effectiveness of
large language models (ChatGPT, Mistral, Google Gemi-
ni) and human experts in the context of IT recruitment.
The results showed that some Al models demonstrated
higher consistency of assessments compared to human
experts, which indicated the possibility of utilising these
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technologies for standardisation candidate assessment
processes. These findings were consistent with research
by N. Tusquellas et al. (2024), who found that Al was be-
ing used to improve recruitment processes, identify in-
dividual learning and skill development needs, develop
personalised learning paths, and predict employee turn-
over. N. Bennett & C.L. Martin (2025) examined the chal-
lenges organisational leaders face due to the growing
role of Al as a talent management tool. The researchers
noted that Al has already become an important element
in customer-facing platforms, such as Amazon and Netf-
lix. Companies were rapidly implementing Al to improve
talent management practices, including recruiting,
screening, and performance appraisal. O. Allal-Chérif et
al. (2021) examined the application of artificial intelli-
gence in recruitment processes, focusing on its impact
on the efficiency and quality of candidate selection. The
researchers emphasised that Al allowed for a significant
reduction in the time required to search and assess can-
didates, which was especially important in conditions of
high competition for talent. P. Gupta et al. (2024) com-
plemented this understanding by investigating the im-
pact of artificial intelligence on employee productivity in
the digital age and analysing how Al technologies affect
different aspects of work activities.

A comprehensive review of the literature on fairness
in the use of Al for recruitment and selection purposes
was provided by C. Rigotti & E. Fosch-Villaronga (2024).
The researchers focused on a critical analysis of how the
concept of fairness was interpreted and implemented
in Al systems for recruitment. E.S. Tenakwah & C. Wat-
son (2025) highlighted the important role of strategic hu-
man resource management and leadership in develop-
ing workforce capabilities for the Al-driven automation
age. The researchers analysed the existing literature, the
findings of sector specialists, and practical case studies
to create a structure for educating and assisting employ-
ees in the artificial intelligence age. K. Dai & Q. Liu (2024)
examined the use of Al in an educational context, which
has important implications for the development of the
skills of the future workforce. Although their focus was
on learning English as a foreign language, the results
of the study have broader application to understand-
ing, how Al can transform the processes of personnel
learning and development in companies. Moreover, the
study conducted by S. Bankins et al. (2024) substantiated
the next step after education - career. The researchers
proved that Al affected the career trajectories of people
at different stages of professional development. Using
the theory of career stages, researchers considered the
consequences of Al for careers, identified key barriers
and enabling factors for the use of Al in this area, and
also revealed how the use of Al affects people’s career
competencies. Thus, the review of scholarly works il-
lustrated the diverse nature of research concerning Al
implementation in hiring processes, covering technolog-
ical, organisational, ethical, and legal issues. However,

there was a need for a more in-depth study of the spe-
cifics of implementing Al in recruiting processes, which
confirmed the importance of this investigation.

Materials and Methods

To accomplish the research objective, a combination of
general scientific and specialised research methods was
employed. The methodological basis of the study was a
systemic approach, which allowed considering artificial
intelligence in recruiting as a complex system of intercon-
nected elements that function in a certain environment.
To analyse the state of the use of artificial intelligence
in recruiting, methods of theoretical generalisation, sys-
tematisation and classification were used. This allowed
for the systematic arrangement of data on the key areas,
where Al was applied in recruitment processes, to iden-
tify key trends and development prospects. Statistical
analysis and forecasting methods were used to analyse
statistical trends in the global Al-recruitment market. In
particular, data on the volume of the global market for
Al-recruitment solutions for the period 2020-2023 and
forecasts of its development until 2030 were analysed
(Al recruitment market..., 2023; Kumar, 2025). Data from
LinkedIn surveys on the share of companies using Al
tools in recruitment processes were also processed (Lo-
bosco, 2024). To explore specific cases of Al integration in
international enterprises, the case study technique was
applied, which enabled a thorough investigation of the
experience of companies such as Brother International
Corporation, Electrolux Group, LinkedIn (Thomas, 2020;
Electrolux Group digitalizes..., 2023; David, 2025). This
allowed identifying specific advantages and challenges
that companies faced, when implementing Al in recruit-
ment processes. An experimental method was used to
empirically study the effectiveness of various Al tools for
assessing candidates compared to human experts. The
experiment was conducted in two stages. The first stage
analysed the results of the study by T. Szandata (2025),
which evaluated the reliability of evaluations of candi-
dates for the DevOps position performed by three expe-
rienced human experts and three large language models
(ChatGPT, Mistral, Google Gemini). The Fleiss’ Kappa index
was used to assess the consistency between the evalua-
tors. It indicated the degree of agreement above chance
(ranging from -1 to 1, where 1 represented perfect agree-
ment, O indicated chance-level agreement, and negative
values were worse than chance). Higher index values indi-
cated greater stability and reliability of the assessments.

The second stage included empirical study, which
compared the effectiveness of assessments of Al tools
(Claude, Grok and Google Gemini) with human experts
in assessing candidates for the position of Business An-
alyst. For this purpose, 3 LinkedIn profiles of Kvitoslava
Maksymiv (n.d.), Mariana Beznosova (n.d.), Sophia Ish-
chiv (n.d.) and 3 experts were selected, who evaluated
them according to five criteria: education, technical skills,
work experience, certificates, and project complexity.
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The experts evaluated using a 5-point scale, where 5 -the
highest value and 1 - the lowest. The Student’s t-test was
used for statistical analysis of the results. To analyse the
state and prospects of artificial intelligence recruitment
evolution in Ukraine, documentary analysis and second-
ary data assessment methods were utilised. In particular,
the research outcomes of the portal Robota.ua (2024) on
the use of Al tools in recruitment processes by Ukrainian
companies, along with regulatory framework govern-
ing artificial intelligence implementation in Ukraine, for
example, Order of the Cabinet of Ministers of Ukraine
No. 1556-r (2020), were analysed. The comprehensive
use of these methods facilitated a comprehensive anal-
ysis of the issues of using artificial intelligence in recruit-
ment and helped to achieve the set goal of the study.

Results and Discussion

The contemporary labour market is characterised by
high dynamism and competition for talented specialists,
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which encourages companies to look for effective tools
to optimise the recruitment process. Artificial intelli-
gence is becoming one of the promising areas of devel-
opment of recruitment services, as it offers innovative
solutions for automating and improving personnel se-
lection processes. The introduction of artificial intelli-
gence technologies in recruitment allowed companies
not only to speed up the hiring process, but also to in-
crease its quality, objectivity, and efficiency. Although Al
can help managers to make decisions, it can also cre-
ate problems, such as bias in data sets and algorithms.
The implementation of Al in human resources recruit-
ment demonstrated a steady growth trend worldwide.
As can be seen from Figure 1, the global Al recruiting
solutions market grew from USD 380.6 million in 2020
to USD 661.56 million in 2023 and is projected to reach
over USD 1,119.8 billion by 2030. This corresponded to a
CAGR of about 6.7% and reflected the rapid adoption of
such technologies in business processes.

1,119.8

2022 2023 2030 Year

Figure 1. Global Al recruitment market (estimated volume), 2020-2030
Source: Al recruitment market: Global industry analysis and forecast (2024-2030) (2023)

In addition to financial indicators, the share of com-
panies using Al-based recruitment tools was also grow-
ing. The results of a survey by Waytogo Consultants
showed that in 2023, 44% of employers involved Al at
various stages of recruitment, while in 2019 there were
significantly fewer of them (March 2025 recruitment in-
sights..., 2025). A. Rukadikar et al. (2025) suggested that
the integration of artificial intelligence into the recruit-
ment process had become widespread, as it helped or-
ganisations to align recruitment strategies with overall
business goals. Al has effectively revolutionised the way
organisations and industries conduct recruitment. O. El
Ouakili (2025) found that companies using Al in recruit-
ment achieved a 50% reduction in time to hire and sig-
nificant cost savings. Artificial intelligence was utilised at
different points in the recruitment process, encompass-
ing activities such as sourcing and engaging candidates,
screening resumes, conducting interviews, evaluating
applicants, and making final hiring decisions. Al-driven
candidate sourcing and screening utilised sophisticated
natural language processing technologies to efficiently
examine and interpret vast numbers of resumes in just
a few minutes. In addition, the researcher noted that
Al systems can evaluate resumes according to prede-
termined parameters like competencies, experience,
and education. The use of this technology dramatically

shortens the time recruiters typically devote to manu-
al candidate screening - often reducing a process that
could take weeks and accelerating the initial stages
of selection. Organisations depended on recruitment
agencies to reach passive candidates, but this approach
was limited by the agencies’ own networks and databas-
es, resulting in high costs. Consequently, only a small
number of organisations adopted this method, which
kept competition for passive candidates low. Al-pow-
ered recruitment solutions addressed these challenges
by enabling companies to avoid agency fees and directly
access millions of passive candidates through platforms
like Facebook and LinkedIn, making the process more af-
fordable. The integration of virtual reality into interviews
helped to minimise bias and enhanced the efficiency of
the interview process. Additionally, real-time feedback
and sentiment analysis offerred immediate responses
to candidates during the application stage, ensuring a
smooth and engaging experience. Scheduling was an-
other vital aspect of recruitment that can be greatly im-
proved with Al. Automated scheduling tools streamline
the coordination of interviews among various stakehold-
ers, minimising the back-and-forth communication that
often caused delays and scheduling issues. A comparison
of conventional and Al methods used for different stag-
es of the recruitment process was presented in Table 1.
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Table 1. Comparison of conventional and Al recruitment methods

Recruitment stage Conventional methods

Al-based methods

Candidate search working through agencies

Posting job advertisements, using contact networks,

Social media analysis, predictive analytics,
targeted passive candidate acquisition

CV screening

Manual review of resumes, basic keyword screening

Natural language processing, semantic analysis,
machine learning-based fit assessment

Automated video interviews with facial expression

Interviewin Phone, video or in-person interviews ) S .
& P and speech analysis, chatbots for initial interviews
Candidate — . . . . Intensive data analysis from multiple sources,
Subjective assessment of interviewers, skills testing -
assessment performance prediction

Decision making

Based on personal preferences and intuition.
Depends on the experience and skills of the recruiter

Data-driven and algorithmic best fit analysis

Adaptation

Standardised onboarding programmes

Personalised adaptation programmes based on
candidate profile

Source: based on O. El Ouakili (2025), C. Zhang et al. (2025), S.S. Ebrahim & H.A. Rajab (2025)

The biggest advantage of using Al in recruitment
is the increased efficiency and accuracy of processes.
A. Rukadikar et al. (2025) proved that organisations us-
ing Al-based recruitment solutions saw a 25% reduction
in average time to fill vacancies compared to those re-
lying on traditional methods. Ultimately, this leads to
better job outcomes. However, despite the benefits of
using Al tools, there were also certain risks, especially
the risk of bias and discrimination. While Al was capable
of successfully completing tasks such as resume screen-
ing and interview analysis, the underlying model may
not accurately assess candidates’ abilities or job suitabil-
ity because of its limitations. Therefore, some qualified
candidates may be unfairly rejected, while others, who
were poorly suited for the role may be selected, which
undermined fairness. An unbalanced training dataset
that over-represents certain groups or minorities may
introduce various biases.

C. Zhang et al. (2025) argued that historical bias re-
inforced existing inequalities by continuing discrimina-
tion against certain groups within the hiring process.

Aggregation bias occurs, when a single model fails to
accurately represent the diversity of different groups,
thereby disadvantageous to some candidates during
selection. For instance, an algorithm trained on data
reflecting male dominance in technical or engineer-
ing roles may overlook qualified female candidates for
these positions. Algorithmic decisions can also provoke
negative emotional responses, such as anger, among
applicants or employees. To encourage acceptance of
these systems, a balanced approach was implemented,
where algorithms generate recommendations, but hu-
mans conduct the final review and make the ultimate
decisions. While this hybrid method promoted fairness,
it also introduced human involvement that can reduce
the efficiency of fully automated decision-making. While
Al tools in recruitment can efficiently process applica-
tions for large numbers of candidates, they often fail to
ensure fair participation for underrepresented groups,
revealing a trade-off between efficiency and fairness.
The challenges of using artificial intelligence in recruit-
ment and possible solutions were presented in Table 2.

Table 2. Challenges of using Al in recruitment and solutions

Challenge Description

Solutions

Algorithmic bias in the training data

Al can adopt and reinforce existing biases

Application of diverse and balanced datasets;
implementation of routine algorithmic fairness evaluations

Insufficient data to train Al

Limited data sets on certain groups of candidates

Enrichment of data; engagement of experts from different
industries to validate models

Collection and use

Data privacy of candidates’ personal data

Transparent data policies; obtain explicit consent; comply
with GDPR and other regulatory requirements

Technical
complexities

Complexity of implementing
and maintaining Al systems

Gradual implementation; collaboration with technical
experts; regularly train staff

Definition of the role of humans

Human oversight in decision-making

Hybrid approach, where Al provides recommendations
and humans make the final decision

Ethical
considerations

Issues of fairness, transparency
and accountability

Development of ethical principles for the use of Al,
engagement of ethics committees

Source: based on O. El Ouakili (2025), C. Zhang et al. (2025), N. Kumar (2025)

Thus, algorithmic bias was determined by the fact
that Al can reflect and even reinforce biases that al-
ready existed in the training data. This meant that algo-
rithms may unjustly assess candidates based on gender,

ethnicity, or other characteristics. To minimise this risk,
it was important to use diverse, balanced datasets and
to regularly evaluate the fairness of algorithms. Lim-
ited data sets - for certain professions or groups of
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candidates, there may be a lack of sufficient quality data.
This reduced the effectiveness and accuracy of Al-driv-
en decisions. One way to address this was by expanding
data sets and involving experts from various industries
to review the models. In addition, processing of candi-
dates’ personal data required clear and transparent data
protection policies, obtaining users’' consent, and full
compliance with GDPR and other relevant privacy regu-
lations. Implementation and maintainance of Al systems
in recruitment was a complex process that required
resources and expertise. This included integrating new
technologies, training personnel, and providing ongo-
ing system support. Human oversight - it was crucial
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to clearly define the role of humans in decision-making
about candidates. The most effective approach was usu-
ally a hybrid one, where Al assisted, but final decisions
were made by humans. The use of Al should be based
on ethical principles - ensuring transparency, explaina-
bility, and accountability of decisions. It was advisable to
involve ethics committees and to develop relevant inter-
nal organisational policies. Minimising these challenges
will largely depend on the professional approach of re-
cruiters to the hiring process, adherence to regulatory
requirements, and compliance with ethical principles. To
understand the practical value of using Al in recruiting,
Table 3 had been created.

Table 3. Example of companies using Al in recruitment

International
Corporation

enhance candidate engagement,
while maintaining high
recruitment quality standards

Company Problem Solutions Results
Brother International implemented 1) Increase in completed
The company needed to an Al-powered platform that included applications by 140% in three
Brother improve its employer brand and | personalised job recommendations, weeks.

interactive chatbots for candidate
engagement, an enhanced Al-
integrated career site, and automated
candidate screening tools

2) Significantly improve employer
brand visibility.
3) Optimise talent acquisition and
candidate engagement

Electrolux Group was

The company implemented the

1) 84% increase in application

routine tasks, and improve the
quality of candidate interactions

S S Phenom Intelligent Talent Experience conversion.
experiencing inefficiencies in X . S
- ) platform. It includes Al-driven role 2) 51% reduction in open
Electrolux its recruitment process due : : R
) . matching, video assessments, applications.
Group to lengthy manual interview . . X 0 e .
: ; automated interview scheduling, 3) 9% reduction in time to hire.
scheduling and a high rate of ; ; 0 o
. o and comprehensive candidate 4) 78% reduction in time to
incomplete applications . .
engagement tools coordinate recruitment
LinkedIn launched Hiring Assistant, 1) Reduce candidate search time
. . an Al-powered agent that automates :
LinkedIn sought to streamline N from 15 minutes to 30 seconds.
the hiring process, automate up to 80% of the offer process. The 2) Increase recruiter productivit
LinkedIn gpP ' assistant integrates into LinkedIn's P y

workflow, leveraging candidate profile
analysis, recruiter experience memory,
and personalised recommendations

and candidate quality.
3) Improve candidate experience by
automating routine tasks

Source: based on J. Thomas (2020), Electrolux Group digitalizes key HR processes for distinct hiring edge (2023),
M. Lobosco (2024), LinkedIn enters Al agent race with linkedin hiring assistant (2024), M. David (2025)

These cases demonstrated significant benefits of
using Al to optimise the recruitment process, including
time savings, improved candidate experience, and in-
creased efficiency. During 2020-2023, companies have
increasingly implemented new Al tools in their work to
perform various tasks. The most time-consuming task
for recruiting teams was screening (reviewing) a can-
didate’s profile, evaluating it, and making a decision
to understand whether to invite the candidate to the
next recruitment stage - an interview or a test task.

T. Szandata (2025) presented the consistency of assess-
ments of candidates for a DevOps position performed
by three experienced human experts and three large
language models (ChatGPT, Mistral, Google Gemini). To
assess the agreement between raters, the Fleiss’ Kappa
index was used, which showed the degree of agreement
above chance (from -1 to 1, where 1 - perfect agree-
ment, 0 - chance, and negative values - worse than
chance). Higher index values indicated greater stability
and reliability of the ratings (Table 4).

Table 4. Comparison of the values of the ratings of human experts and Al tools

Indicator Human experts ChatGPT Mistral Google Gemini
Average criterion score 0.582 0.432 0.790 0.824
Average assessment time (minutes) 2.5-3.7 ~0.17 (10 seconds) ~0.17 (10 seconds) ~0.17 (10 seconds)

Moderate, depends

Reliability of assessments on the expert

Moderate High High

Source: based on T. Szandata (2025)
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The Fleiss' Kappa index for human experts aver-
ages 0.582, indicating moderate agreement between
ratings. ChatGPT has an average of 0.432, which was
below human levels. Mistral and Google Gemini mod-
els showed higher agreement, 0.790 and 0.824, respec-
tively, exceeding human levels. Al assessment times
were approximately 15 times faster than humans, mak-
ing them attractive for improving recruitment efficien-
cy. Therefore, the findings indicated that Mistral and
Google Gemini models significantly exceed the agree-
ment of human experts, while ChatGPT has moderate
agreement, but lower than other Al. This illustrated the
capability of contemporary LLMs in assessment stand-
ardisation, while also emphasising the variations in
model behaviour. However, despite better agreement,
Al does not always replace the human factor, especially
on complex or subjective questions. This data indicated
that a balanced approach combining the use of Al with
human experience and expertise was appropriate. A
study was conducted using Student’s t-test to compare

the effectiveness of the assessments of Al tools Claude,
Grok, and Google Gemini with human experts. The eval-
uation of applicants was conducted for the position of
Business Analyst, based on the candidates’ LinkedIn
profiles. To do this, first of all, the criteria for assess-
ing candidates were defined: 1) education - corre-
spondence of the speciality (e.g., IT, economics, MBA);
2) technical skills - mastery of tools (SQL, Python, Tab-
leau, Jira, BPMN); 3) work experience - number of years
in business analysis, correspondence of the industry
(IT, finance); 4) certificates - availability of certificates
(CBAP, PMI-PBA, Scrum Master, TOGAF, PMP); 5) project
complexity - management of complex projects (e.g.,
systems integration, large-scale changes). For the re-
liability of the study, 3 LinkedIn profiles by Kvitoslava
Maksymiv (n.d.), Mariana Beznosova (n.d.), and Sophia
Ishchiv (n.d.) of candidates for the position of Business
Analyst and 3 experts, who will evaluate them were se-
lected. The average score of the experts’ evaluation and
the evaluation of the Al tools were presented in Table 5.

Table 5. Evaluations of the candidates of human experts and Al tools

Candidate Criterion Human expert

ChatGPT

Claude Grok Gemini

Education

v
N
N
6

Technical skills

Work experience

Certificates

Project complexity

Education

Technical skills

Work experience

Certificates

Project complexity

Education

Technical skills

Work experience

AlUujininwW = |NRRWOUINPW D

WIWWWINININININI=2 |22 =

Certificates

AluojuninnihAiIdMWULIAOOIW D
AlUin|W =N W ANOIW

w
6]

Project complexity

bW = |INNUWI AN UID
bl |INVNWIMROWLWW ULIIWU

(6]
(6]

Source: based on Kvitoslava Maksymiv (n.d.), Mariana Beznosova (n.d.), Sophia Ishchiv (n.d.)

According to the results of the study, the Al tool
Google Gemini received the highest expert ratings for
the criteria of “education” and “project complexity”.
The criterion of “certificates” was found to be the most

challenging in terms of considering candidate require-
ments. The results of the t-test comparing the esti-
mates of human experts with Al tools were presented
in Table 6.

Table 6. Results of the Student’s t-test

Criterion Human experts vs Human experts vs Human experts vs Human 'e)fperts Vs
ChatGPT (t/p) Claude (t/p) Grok (t/p) Gemini (t/p)
Education -2.00/0.184 NaN/NaN NaN/NaN -2.00/0.184
Technical skills -2.00/0.184 NaN/NaN -2.00/0.184 -1.73/0.225
Work experience -1.00/0.423 -1.00/0.423 -1.00/0.423 -2.00/0.184
Certificates -2.00/0.184 NaN/NaN NaN/NaN -2.00/0.184
Project complexity -1.00/0.423 1.00/0.423 1.00/0.423 -1.00/0.423

Note: NaN - the values in the two compared groups are completely identical, so the difference between them cannot be
calculated, (t/p) - for each criterion, the table shows the t-statistic and p-value in the (t/p) format, based on a paired t-test

for human experts compared to each Al tool
Source: developed by the authors
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It was important to note that NaN values arose due
to the same scores for all candidates in the respective
comparisons (standard deviation = 0), so the t-test can-
not be calculated. It was proven that none of the Al tools
(ChatGPT, Claude, Grok, Gemini) showed statistically
significant differences compared to human scores for
any criterion (all p-values > 0.05). This indicated that Als
can effectively imitate the human approach to assessing
business analyst profiles. Thus, it was found that Claude
and Grok demonstrated the greatest similarity to hu-
man scores, especially for the criteria “Education” and
“Work experience”. However, Gemini tends to overesti-

Kinash & Romanovych

mate scores in “Technical skills” and “Certificates” - its
results require additional verification. The least reliable
tool was ChatGPT, which showed stability, but it should
be utilised alongside additional tools to decrease the po-
tential for biased errors. The central aspect that revealed
the success of implementing Al tools in screening candi-
date profiles was the time spent. After all, reducing costs
was equal to reducing the cost of hiring a candidate.
According to the study, Al tools evaluated a candidate
more than 8 times faster than experts from Sourcing.
The average time for evaluating a candidate according to
the specified criteria was presented in Table 7.

Table 7. Average time for evaluating a candidate according to the specified criteria

Appraiser Average time (minutes)
Human experts 2
ChatGPT 0.167 (~10 seconds)
Claude 0.167 (=10 seconds)
Grok 0.167 (~10 seconds)
Gemini 0.167 (=10 seconds)

Source: developed by the authors

Therefore, based on the research, it is possible to
enhance the performance of recruiting teams by us-
ing tools such as Claude and Grok, as they showed the
greatest similarity in assessment. Advanced Al tools can
efficiently and rapidly conduct initial screening of candi-
dates, as demonstrated in the example of the Business
Analyst position, but for the final selection of a candi-
date, human expertise remained critically important.
During 2020-2025 Ukraine was actively joining the global
trends of HR digitalisation, although the level of Al imple-
mentation in recruitment still lags behind leading econ-
omies. According to the results of a study by the portal
Robota.ua (2024), half of Ukrainian companies (50.4%)
were already using Al tools in recruitment processes.
Most often, Ukrainian employers used Al for searching
and pre-selection of candidates (54% of respondents),
assessing candidates (46%), and for automating inter-
view planning and HR analytics (38%). Among the spe-
cific solutions that have gained popularity in Ukraine
were chatbots for initial interviews, applicant tracking
systems (ATS) with Al elements, and tools for automat-
ic skills testing. These technologies were especially in
demand in the IT sector and large outsourcing compa-
nies that process a large number of applications and re-
sumes every month. Moreover, there was a significant
share of Ukrainian businesses that were only looking at
the possibilities of Al

Aproximately 49.6% of companies have not yet de-
cided on plans for implementing Al in the 2026-2027.
Among those who have a vision, almost a third (32.2%)
plan to actively implement new Al tools, 15.7% have
limited use for individual tasks, and only ~2.5% delib-
erately refuse to use Al. This indicated that the poten-
tial for growth of Al recruiting in Ukraine is very large,

provided that certain barriers are overcome. Ukrainian
HR specialists call the main challenges of Al implemen-
tation an insufficient level of knowledge and expertise
(this factor was noted by 63% of respondents), con-
cerns about information security and data confiden-
tiality (46%), technical difficulties in integrating with
existing systems (35%). There were also institutional
barriers - resistance from staff or management (22%),
who may be afraid of automation, and the high cost
of implementing Al solutions (21%). It is positive that
21% of respondents do not see any obstacles and are
ready to experiment with Al, but for the technology to
spread widely, these problems need to be addressed.
The future potential of Al recruitment development in
Ukraine was connected, on one side, to internal factors
(business demand for HR optimisation, the availability
of IT talents, who can develop such solutions), and on
the other side, to external factors, including European
integration. Ukraine was already adapting its legislation
to EU data protection requirements (Complete guide to
GDPR..., n.d.), which created a regulatory framework for
the responsible use of Al in HR. The government has
also endorsed the Order of the Cabinet of Ministers
of Ukraine No. 1556-r (2020), which defined priorities
for supporting Al technologies, including in the field of
employment and personnel management. In the post-
war period, an active economic recovery is expected,
accompanied by growth in the labour market - at this
time, Al recruitment can become one of the drivers
of effective recruitment for the reconstruction of the
country. Ukrainian HR platforms (e.g. Robota.ua, Work.
ua) were already implementing Al elements in their ser-
vices - from smart resume search to job recommenda-
tions - and this trend will only grow.
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Conclusions

The use of Al in recruitment demonstrated a steady
global growth trend. According to forecasts, the glob-
al Al recruitment solutions market will exceed USD
1,119.8 billion by 2030. This will impact human resource
management processes, particularly by accelerating the
adoption of artificial intelligence in recruitment. The
study analysed the practices in the use of Al in recruit-
ment and evaluated the effectiveness of these tools. A
comparison between conventional and Al-based recruit-
ment methods was presented. It has been established
that Al recruitment offerred numerous advantages, such
as increased efficiency, reduced bias, and improved
candidate experience. Al algorithms enabled faster and
more accurate candidate selection, saving recruiters’
time and resources. This also contributed to expanding
the pool of relevant candidates and improving hiring
quality through data-driven analytics.

However, the implementation of Al in recruitment
was not without challenges. These included ethical con-
cerns, algorithmic bias, the risk of depersonalising the
hiring process, limited data sets, technical complexities,
and the need for ongoing oversight. These challenges
can be addressed through a balanced approach that
combined Al with human expertise and experience.
The study found that Al tools such as Claude, Grok,
ChatGPT, and Gemini assessed candidate profiles with
a level of consistency comparable to human review-
ers (all p>0.05), but complete the screening process

compared to 2 minutes for a human. This confirmed the
potential of artificial intelligence to optimise hiring pro-
cesses. To achieve successful outcomes, organisations
should integrate Al into their recruitment strategies,
taking ethical considerations into account and ensur-
ing continuous monitoring. This will not only increase
the efficiency and objectivity of the process, but also
foster the development of these approaches in recruit-
ment and improve the overall candidate experience. In
Ukraine, Al recruitment has significant prospects. To
realise this potential, it is necessary to invest in training
HR professionals to work with Al, develop local solu-
tions tailored to the specifics of the Ukrainian labour
market, and build candidate trust. Addressing concerns
and resolving ethical issues will be critical - only with
responsible implementation can Al bring maximum
benefit to Ukrainian companies and job seekers, accel-
erating and improving the quality of hiring processes.
Further research should focus on assessing the read-
iness for Al recruitment adoption in the Ukrainian la-
bour market.
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AHoTaunifa. MeToo fOCNiAKeHHS 6yN0 NpoaHanisyBaT! Cy4acHi NPakTUKN BUKOPUCTAHHSA LUTYYHOrO iHTeNeKkTy B
PEeKPYTUHIY Ta OLIHUTU edeKTUBHICTb LMX IHCTPYMEHTIB A8 MalibyTHBOro 3actocyBaHHA. byno obrpyHTOBaHo,
Lo Nif BAAVNBOM LIMGPOBUX TEXHOJOTIV TPaHCPOPMYHOTLCS BUAM AIS/IBHOCTI, MOB'A3aHi 3 MOLUYKOM i Bij60opom
nepcoHany. LLUTy4YHWI iHTenekT NpoAeMOHCTPYBaB Halibinblly edekTUBHICTb Y npolecax Bifbopy KaHAMAATIB,
aBTOMAaTM30BAHOrO MJIaHYBaHHA, MNPOBeAeHHA IHTepB'lo Ta 360py aHaNiTUYHUX JaHWUX MpPO MepcoHan.
MNpoaHanisoBaHO eTUYHi i NPaBoOBi acrnekT! BUKOPUCTAHHSA LUTYYHOrO iHTeNeKTy, y3araJibHeHO BiAMIHHOCTI MiX
TPaAVLIMHUMN Ta IHTeNeKTyabHUMN MeTOAaMU, LLIO 3aCTOCOBYIOTLCA Ha Pi3HMX eTanax PekpyTUHrY, BM3Ha4YeHO
npob6semMn BUKOPUCTaHHS LUTYYHOrO iHTenekTy y BiAbOpi nmepcoHany Ta 3anpornoHOBAHO LUAAXM X BUPILLEHHS.
[JocnigkeHo npobnemu, WO BUHUKaNM y KOMMaHIAX, SKi 3aCTOCOBYBaNW LUTYYHWU IHTeNeKT B PeKpyTUHrY, Ta
YyNpaBAiHCbKI PilLeHHs, AKi JOMOMOIAV MOKPaLMTL pe3yabTaTn. PesynbTaTy NpoAeMOHCTPYBaAn Taki nepesaru
BUKOPUCTaHHSA LUTYYHOrO iHTe/NeKTy: eKOHOMIfA Yacy, NokKpaLleHHsa [OCBidy KaHAMAATIB Ta NiABULLEHHS 3arajibHol
epeKTUBHOCTI pekpyTUHTY. JoChigXeHHS NPOBOAMNOCA LWOAO ePeKTUBHOCTI BUKOPUCTAHHA Pi3HUX IHCTPYMEHTIB
LUTYYHOTO iHTeNeKTy A9 OLiHKN KaHANAATIB Ha nocagy 6isHec-aHaniTka NOPiBHAHO 3 OLiHKaMW Ntojer-ekcnepTiB.
MokasaHo, WO cy4acHi iHCTpyMeHTU wTy4Horo iHTenekTy (Claude, Grok, ChatGPT, Gemini) ouiHoBann npodini
KaHANAATIB i3 BUCOKMM pPiBHEM Y3rofKeHOCTi 3 IIACBKMMK ouiHkamu (yci p > 0,05), BogHo4ac npoBoaaYdn Bigbip
6inbLL HiXX Y 8 pasiB WBMALLE - riLe 3a 10 cekyHA NPOoTU 2 XBUAWH Y NoAMHN. MigTBEpAXEHO NOTeHLian WTYy4YHOro
iHTenekTy 415 ONTVMI3aLii NpoLeciB HanMy. BcTaHOBMEHO, Lo YKpaiHa akTUBHO LONYYa€ETbLCSA 40 CBITOBUX TPEHAIB
uméposisaLii HR. Yactka ykpaiHCbKMX KOMMaHI, SKi BXXe 3aCTOCOBYBaNW LUTYYHWNI IHTENEKT y PeKpYTUHTY, Aocarna
50,4 %. HarinonynapHiwmmu 6ynu 4aT-60TV ANA NOYATKOBOrO iHTEPB't0, CUCTEMU BIACTEXEHHS KaHAWAATIB 3
efleMeHTaMy LTYYHOro iHTeNeKTy Ta iIHCTPYMEHTV aBTOMATUYHOrO TeCTyBaHHA HaBUYOK. OCHOBHVMUN BUKIVKaMIN
BMPOBaKEHHS LWTYYHOro iHTenekTy HR-daxiBLi B YKpaiHi BBaXanu HeAoCTaTHIN piBeHb 3HaHb | KOMMNETEHTHOCTI.
MpakTnyHe 3HaYeHHS AOCNIAXKEeHHSA MONAraE y MOXJIMBOCTI BUKOPUCTaHHA Moro pesynbTaTis HR-daxisuamu,
PEeKPYTUHIOBVMW areHTCTBaMM Ta MeHepkepaMu KOMMaHii Ansa NigBuLLeHHA eGeKTUBHOCTI NpoLeciB HaiMmy
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